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SCMF. A Matrix Factorization Model With Soft

Constraint for Multi-Source Recommendation

MAN Tong, SHEN Huawei, HUANG Junming, CHENG Xueqi
(CAS Key Laboratory of Network Data Science and Technology. Institute of Computing
Technology, Chinese Academy of Sciences, Beijing 100190, China)

Abstract: Data sparsity is a challenge forrecommender systems. In recent years, the integration of data from dif-
ferent sources provides a promising direction for the solution of this issue. However, most existing methods for
data integration assume that the representation of a single user/item is the same across different contexts, which
blocksthe depiction of the distinct characteristics of different contexts. In this paper, we propose a matrix factori-
zation model with soft constraint that the difference between the representations of a single user/item is minimized
together with the error function of matrix factorization model. Experiments on two datasets demonstrate that the
proposed model outperforms thestate-of-the-art models, especially on the case where the data is sparse in only
one resource,
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